Chapter 1: Spark for Machine Learning
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Chapter 2: Data Preparation for Spark ML
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Chapter 3: A Holistic View on Spark
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Chapter 4: Fraud Detection on Spark
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Chapter 5: Risk Scoring on Spark
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Chapter 6: Churn Prediction on Spark
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Chapter 7: Recommendations on Spark
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O Server Login

It

the connection marked as Defaultis used at start-up.

Select, add or edit the server to which you wantto connect in the table. By default,

Default |ServerName Description Port

[ Local Server
[+ 50.20.125.300

28053

Default data path: |$MDDELERSERVERJ'data

[+ Set Credentials

UserID: |rec—user

Password: |

Domain: |

Add...

: Edit..
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About Deployment Manager
You do not currently have 3y server connections
defined.

Click here to define a new server connection,




Chapter 8: Learning Analytics on Spark
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o For teachers
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- Interpreter

Zeppelin Notebo

Learning Analyl v e s o0as o @ % | cetauit-

/7 Train a RandomForest model

val treeStrategy - Strategy.defaultStrategy("Classification”)

val numTrees - 30

val festureSubsetStrategy = “auto" // Let the algorithm choose.

val model = RandomForest.trainClassifier(trainingData,
treeStrategy, numTrees, feat trategy, seed

12345)

import org.apache.commons.io.T0Utils
import java.net.URL

import java.nio.charset.Charset

bankText: org.apache.spark.rdd.ROD[String]
defined class Bank

ParallelCollectionRDD[8] at parallelize at <console>:31

bank: org.apache.spark.sql.Dataframe = [age: int, job: string, marital: string, education: string, balance: int]

k 20 seconds. (ourdated)

Zeppelln Notebook Interpreter j

Learning Analyl timls 0@+ (o

@ & defauit~

20 ssconds

%sql FINISHED [> 35 B8 € %sql FINISHED [> 3% B8 & #sql FINISHED [> 3% §
select age, count(l) value select age, count(l) value select age, count(1) value

“rom bank #rom bank #ron bank

where age < 3@

uhere age < ${maxage-30}
group by age
order by age

group by age

where marital="${marital=single,single|divorced|married;"
order by age

group by age
order by age
Wl setfings v

maxAge marital
35 ingl
®Grouped O Stacked @®value snae B
1030,
¢ & ¥ E seflings v ¢ M W E 0 sellingsv
30.0
@Grouped O Stacked @value @ Grouped O Stacked @ alue
2310
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Took 1 seconds.
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Zeppe

N Notebook -  Interpreter con

Learning Analyl cxm/»s/0/al: o @& cerann

#/ Train a RandomForest model.

val treeStrategy - Strategy.defaultStrategy("Classificatien”)

val numTrees = 388

val festureSubsetStrategy = “auto” // Let the algorithm choose

val model - RandomForest.trainClassifier(trainingData,
treeStrategy, numTrees, featureSubsetStrategy, seed = 12345)

import org.apache.comnons. io.T0Utils

import java.net.URL

import java.nio.charset.Charset

bankText: org.apache.spark.rdd.ROD[String] = ParallelCollectionRDD[@] at parallelize at <console>:31

defined class Bank

bank: org.apache.spark.sql.DataFrame = [age: int, job: string, marital: string, education: string, balance: int]

Took 20 seconds. (ourdated)




Chapter 9: City Analytics on Spark

eppeln Notebook ~  Interpreter

Welcome to Zeppelin!

Zeppelin is web-based notebook that enables interactive data analytics.
You can make beautiful data-driven, inferactive, collaborative document with SQL. code and even more!

Notebook Help
 create new note Get started with Zeppelin documentation
B Air Pollution & GA Weather (Henry) Community

1 DashDB Example
B Heating Complaints in Bronx

B Heating Problems in Manhattan

® Modeling Healing Problem In New York City

Please feel free to help us to improve Zeppelin,
Any contribution are welcome!

B Modeling Heating Problems in New York City - Part 2 ? Mailing list
B Rinterpreter 3 Issues tracking
Github

1 Step By Step Prediclive Modeling
B Stream Example

@ Streaming Twitter

Btest

@ vtestt

B XML example

B Zeppelin Tutorial

Create new note

Note Name

CityAnalytics1

Create Note




Z ppelln Notebook Interpreter

City Analytics ©txm~suoals o @ & s~

new URL(“Rttps://s3.amazonaws . com/apache-zeppelin/tutorial/bank/bank. csv™),
Charset. forName(“ut#5")).split(“\n")) Al

case class Bank(age: Integer, job: String, marital: String, education: String, balance: Integer)

// Train a RandemForest model. U

val gy - Strategy gy("Classification”)

val numTress - 300

val featureSubsetStrategy - "aute" // Let the algorithm choose

val model = RandomForest.trainClassifier(trainingbata,
treeStrategy, numTrees, featureSubsetStrategy, seed = 12345)

import org.apache.commons.io.I0Utils

Zeppel[n Notebook ~  Interpreter
City Analytics = ©x

2 0@z o @ % detauit~

%sql FINISHED [> 3% B @ #sql FINISHED D> 35 B @ %sql FINISHED D> 3% B3
select age, count(1) value select age, count(1) value select age, count(1) value
From bank From bank #rom bank
where age ¢ 30 whers age ¢ §{maxAga-3e} uhere marital-"§{marital-single,single|divorced|married}”
group by age group by age group by age
order by age order by age order by age
™ 2 seftings v maxAge marital
35 single
@®Grouped OStacked @value “ B
1030,
= ¢ M W seflings v € | | 2| E | settingsv
800
®Grouped OStacked ®alue ®Grouped OStacked ®value
2310 1050
600 080
2000 -
400 200
150.0
200 l £00
100.0
00/ ——--. 40.0
21 2¢ 27 £
500 |I
— decatll i
23 28 a3 20 40
Took 1 seconds.

FINISHED D> 23




+% Clusters

{1 Jobs

% Complains

0.10 015 020 025 030

0.05

=>

1]
0o

% Heating and Noise Compplains by Month

New Job

o
L=l
[}
o
o 7
W
v v
v v
7
4 v © w7
o o I's)
T T T T T T
2 4 6 8 10 12

O o |



Sanitation_sum

1200.007

1000.00-

800.007

600.00

400.007

200.00-

0o

T T T | T | T I T T
70172010 100172011 70102011 10102012 701/2012 1/01/2013 7/01/2013 1/01/2014 701/2014 1/01/2015
date






Chapter 10: Learning Telco Data on Spark
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O Server Login

1

the connection marked as Default is used at start-up.

Select add or edit the server to which you want to connect in the table. By default,

Default |ServerName Description Port

&} Local Server
[+ 50.20.125.300

28053

ch...

Default data path: |$I‘u‘| ODELERSERVER/data

[of| Set Credentials

User|D: |rec—user

Password: |

Domain: |

-
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Chapter 11: Modeling Open Data on Spark
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